ORY M\ RALRTYY (IGHE)
ZmiEEwy

“ Rev1 2025.3.13
Oy PESRERIOTA =S 7717 = (RRI)

2025 Copyright Robot Revolution & Industrial 10T Initiative, All Rights Reserved.



&

1. ZmiEamé—eRII\> ROEH
1-1. ﬁ:ﬁ%uu%*&ﬁiﬁﬂ&@l’]@u
%2 i) aa DBl
1-3. HEMEICHITDERA REEH
-4, —fgEYROMRY N\> R Z miBY)mOEMER 2B F

2. ZEALNIVOZ miEEYE> )
3FEOEMM AT LADIBIT.
1) ERRHSHEHMEUIEBI, 2) IRE +Y-ILFI>ov—%&FEo>B, 3) BRI MIE 2 38/\> RefEo1f)

3. tHZCERRAL AASF Ll
4. PEEH

5. CBAVEEWA-h—§k
6. BEOFAELIE-SCb

2025 Copyright Robot Revolution & Industrial 10T Initiative, All Rights Reserved.



m 1-1. ZmEVERZIRSEHEIRAIH)

8UE B INGE

HE - RS - YIiRDOZEAL

SEEEC-XOZHIE
0275 = IADR I
EEERERE

— ROBRRBDEAR
— —m—ARBNRAY LAmmDIEN

AI74R

Zmigt v I
W ET1RD T RO

-Zmigsbmitia (BE)
-BREGE-ZEY+>T (1iR)
-ZmiEmtbiU-BEE ()\E)
-BERmEE (AT4R)
-REHmEFE (XE)

2025 Copyright Robot Revolution & Industrial 10T Initiative, All Rights Reserved.



1-2

ZmiElmofl

A

45 x 45 x 316 mm
1

ol WA

150 x 188 x 35 mm

HLAT—T

135 x 135 x 100 mm | 125 x 125 x 50 mm

DVD

293 x 273 x 43 mm

BikL

201 x 166 x5 mm

120 x 222 x 61 mm

227 x 85 x23 mm

AIL—

I592 54k

Z>y7 dLE8 Foyb AT E—% 74 YIvbFvioal W5 sL3y AE—FRFovY
3945¢ 387N 465¢g 046N 705g 068N 3520g 345N 3870g 370N 1080g 107N 4650¢g 456N 602g 059N 1312g 129N 2785g 273N

114 x 72 x 27 mm

142 x 62 x 80 mm

F&

ART197DY

20

20 |

850g 083N

1555¢g 152N

200g 020N

A2 TYIRH—E

Ja—0%

FavrafySA

ART—t2yb

7505¢g 735N

595g 058N

310g 030N

/=

NybbL

1125¢ 1.ION

9315 9.13N

NIRTAF

970¢ 095N

765g 0J5N

1665¢ 183N

710g 0JON

910g 089N

3040g 298N

5230g 513N

250; 025N

ZILEM NYE e HTF AT F—INHAR | F=AR—N = WEETZ | N\VEEFL
1025 100N 240g 024N 1140g 112N 3485 342N 595g 058N 1260g 123N 2205g 216N 845g 083N 1314g 129N 315g 031N
| 257257 x44mm | 137 x65x8mm | 100x63x37mm | 275x220 x58 mm | 72x125x65mm | 400x193x5mm | 77x77x220mm | 78x78x217 mm | |_204x307 x2 mm |

Amazon Robotics Challenge 2017t R ¥ &V #%.

2025 Copyright Robot Revolution & Industrial 10T Initiative, All Rights Reserved.



1-3. HEMEICHIBER4BEZRIE
=M (CED < REHEDA!

2e-EH - EH-ERET
FEARET R DS R &

. zum
¥ ""5‘}}‘4:-' %%@Z:E\ &t - n:un&kh\l%ﬁ

LOU’D

54

RGEDAENY:
EvIIZANFEELPT L

Acis(C

2L - E&‘U
sTEl- SR R B
BlT5. § oI GREEBMRENDE

H. Fujiyoshi, et. al., “Team C2M: Two Cooperative Robots for Picking and Stowing in Amazon Picking Challenge 2016”, Advanced on Robotic Picking, 2020.

2025 Copyright Robot Revolution & Industrial 10T Initiative, All Rights Reserved.



m -4, —iziyR0OmRY MN\> R3TELZmIEY RO EEN B EEE®R

=2l e lall
Vacuum Gripper SRARIESH BEUEERD LI
MM AZARICHE A Ay (FHEFFAT]
INBITIRRRICADIASDHS MMAARNEE
EEHEER . w2 (3EFFART]
Two-finger Gripper | REAR -JMCEISTERA R | BiEOF52EE U IERER
747 L RO EE EFUEREINE
Vacuum Gripper
* Vacuum ki(Blg ltem) ﬁlﬂ\ * Sucti
= A < 3. uction
g%ﬁg%%@ /UZR (Uneven)  SEE ) MR E Sy RO
BRSO & % E=—)La%(Vinyl) (Plane) ICEZEEEY
5% A /ﬁ El\(Heavy) B2 (s ’J;‘i—ﬂ% ) _ gg%%#j [é -
. ZF#(Flexible Light mal item T5%
\_ ( ) (Lig )/ X 2

\ fL (Thin)  Xw31(Mesh) Y,
Two-finger Gripper

M. Fujita, et. al., “Bin-picking robot using a multi-gripper switching strategy based on object sparseness”, IEEE CASE, 2019.

2025 Copyright Robot Revolution & Industrial 10T Initiative, All Rights Reserved.



(2%) BRPFRCHITHZmEEYIEERS

F4—T5—-=4

EanDFEREIC

) 3DIBHASD Ol ..
(CLBEmMD [P = JEUIT I | O7Ry NEIED
18 - FEAER ERALMhin DER

r

44N
Vacuum gripper

1op
Suction gripper
\ RGBD Sensor / \ / k / u'wo-ﬂnger grippy

M. Fujita, et. al., “Bin-picking robot using a multi-gripper switching strategy based on object sparseness”, IEEE CASE, 2019.

\

RGB Color Image

Item detection
3D Data Grasp point detection

2025 Copyright Robot Revolution & Industrial 10T Initiative, All Rights Reserved.



ZIZETOERDEVIEEIR.
LAHKLEEZEDODESLEMR(ER)T

(8%) BRFRCHITHZnEEYIEERS

! Successful picking rate

mProposed

0.9 BCompared
0.8
0.7
0.6
0.5

1 3 5 7 9 11 13 15 17 19 21 23 25 27 29

Number of trials
Transition of the successful picking rate

Number of picked items and the successful
picking rate of each gripper

Proposed system

Vacuum | Suction | Two-finger Total
i# of picking item 9 6 3 18
Successful picking rate 64.3 100 37.5 64.3
Compared system[*]
Vacuum | Suction | Two-finger Total
{f* of picking item 13 - 6 19
|Succcssﬁ11 picking rate 54.2 - 75 59.4

Mean Picks Per Hour (MPPH)

Proposed System | Compared System

FOAT RIS —%HEYIRLT-.

Shiny metal parts  Black mesh cup

MPPH 85.3 75.9
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Figure 1: GarmentLab provides realistic simulation for diverse garments with different physical propoerties,
benchmarking various novel garment manipulation tasks in both simulation and the real world.
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Figure 1. Gensim2 introduces a scalable task and data generation framework in SAPIEN [1] for
articulation objects with multi-modal and reasoning LLMs. The framework comprises three main
stages: 1) (Top) We first generate large-scale robotics tasks and collect massive data with LLMs;

2) (Bottom-left) Then, we train a multi-task point cloud-based policy in simulation with imitation . . 7 . . . .
learning; 3) (Bottom-right) Finally, we zero-shot transfer the policy to the real world. G enesis: A G ene rat Ive an d U nive rsal Phys ICS E ngl ne for RO botlcs an d
GenSim2 Scaling Robot Data Generation with Multi-modal and Reasoning Beyond, 2014, CMU4tt, SRAMIIEI OV, 3aL—2a3v TS5k

LLMs, 2024, Institute for Interdisciplinary Information Sciences, Tsinghua TA—L, LB GORT L, KT —2I O ¥ DA ERNLEY
University, #t, ## TIREMNLZIIAL—2a 3R IDERD =8O DLLME BYIaL—2avTtoyhT4+—LA
FRTART—5TIIEIL—LT—Y
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